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[ Abstract] Objective To systematically evaluate the quality and performance of risk prediction models for stroke—
associated pneumonia (SAP) in patients with acute ischemic stroke (AIS) . Methods The development of risk prediction
models for SAP in AIS patients published in Web of Science, Cochrane Library, PubMed, Embase, CNKI, Chinese Biomedical
Database, VIP, and Wanfang Data were searched. The search period was from the establishment of each database until August
30, 2023. Literature screening and data extraction were conducted by two researchers, and the quality of the included literature
was evaluated using the prediction model risk of bias assessment tool (PROBAST) . Results Finally, 15 articles were included
and a total of 24 models were constructed. The results of literature quality evaluation showed that, in the field of study objects,
11 literature had high risk of bias and 4 literature had low risk of bias; in the field of predictors, 10 literature had unclear risk of
bias and 5 literature had low risk of bias; in the outcome domain, 8 literature had high risk of bias, 4 literature had unclear risk of
bias, and 3 literature had low risk of bias; in the field of statistical analysis, 14 literature had high risk of bias and 1 literature had
unclear risk of bias. In summary, all 15 literature had high risk of bias. In the field of research objects, 15 literature were of low
applicability risk; in the field of predictors, 4 literature were high applicability risk; in the outcome area, 3 literature were rated as

high applicability risk. In summary, 6 literature had high applicability risk and 9 literature had low applicability risk. Conclusion
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The existing SAP risk prediction models for AIS patients have good discrimination, but their accuracy in prediction is not yet

clear. Clinical workers should focus on external validation of the models, continuously update and improve the existing models

to ensure their reliability and extrapolation. In addition, the overall risk of bias in all literature is high, and the applicability is

general. In the future, researchers should refer to PROBAST to develop more rigorous research plans and avoid potential bias

risks in the study. Finally, in the study of predictive factors, using biomarkers and traditional Chinese medicine syndrome factors

as predictive factors can improve the predictive performance of the model to a certain extent. In the future, based on the model

of combining disease and syndrome, comprehensive exploration can be conducted from the perspective of traditional Chinese

medicine and modern medicine, and relevant influencing factors can be deeply explored, so as to provide more scientific decision

support for the application of prediction model in clinical treatment.
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Table 3 Evaluation and validation of the predictive models for SAP risk in patients with AIS
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