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[ Abstract ] Objective To compare the predictive value of two machine learning models [decision—tree early warning
score (DTEWS) model and decision tree model] for in—hospital cardiac arrest (IHCA) in patients with acute coronary syndrome
(ACS) . Methods Fifty—three ACS patients with IHCA who were admitted to the Cardiovascular Department of a tertiary hospital
from 2018 to 2022 were retrospectively selected as the IHCA group by convenience sampling method, and 706 ACS patients
without IHCA who were admitted to the Cardiovascular Department of a tertiary hospital during the same period were selected as
the non-IHCA group. Based on the predictors in the two machine learning models, general information of patients was collected,
and ROC curve was used to assess the predictive value of the two machine learning models for IHCA in ACS patients. Results
There were significant differences in age, incidence of diabetes, incidence of fatal arrhythmia, percentage of oxygen users, mode of
admission and Killip classification, systolic blood pressure, diastolic blood pressure, blood urea nitrogen, cardiac troponin T and
state of consciousness at admission, and length of hospital stay between the two groups (P < 0.05) . ROC curve analysis showed
that the AUC of DTEWS model and decision tree model for predicting IHCA in ACS patients was 0.815 [95%CI (0.785-0.842) |
and 0.824 [95%CI (0.795-0.851) |, respectively. There was no statistically significant difference in AUC of DTEWS model and
decision tree model for predicting IHCA in ACS patients (P < 0.05) . Conclusion Both DTEWS model and decision tree model
have moderate predictive value for IHCA in ACS patients. Among them, DTEWS model has fewer variables, easy access and
simple calculation method, and is more suitable for clinical promotion.
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Figure 1 ROC curve of the two machine learning models in predicting

ITHCA in patients with ACS
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